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2. META HABYAJIbHOI JUCHUILJIIHU

OCHOBHOIO METOIO BUBUEHHS JTUCHUIUTIHU «[HTEeNeKTyanbHUl aHami3 CTPYyKTyp Aa-
HUX» € (OpMyBaHHS y 3/100yBayiB BHIIOI OCBITH TPEThOI'O OCBITHBO-HAYKOBOTO PIBHS
cucteMu (yHIaMEHTAIbHUX 3HaHb, JAOCITIAHUIBKUX KOMIETEHTHOCTEH Ta MPaKTUYHUX
HAaBHUYOK, HEOOXITHUX MJIsI PO3B’SI3aHHS KOMIUICKCHUX HAYKOBHX Ta MPHUKIATHUX IPO-
O5eM y cdepi aHamizy BeIMKUX 00CsTriB iHPopMaIlii B 3a1a4ax T€Opii MITy4YHOTO 1HTEIEK-
Ty IIUPOKOTO CIEKTpy. [laHuil Kypc opieHTOBaHHM Ha TTMOOKE PO3YMIHHS BHYTPIIIHBOI
OyI0BH, MaTEMAaTUIHUX OCHOB Ta aJTOPUTMIYHOI €(PEKTUBHOCTI METOIIB IHTEICKTYalh-
HOTO aHamizy. Jucumrunina mepeadadae rmepexis BiJl piBHS KOPUCTyBaya 1HCTPYMEHTIB
aHaJI3y JIaHUX JI0 PiBHS JOCIIIHUK-apXITEKTOP, 3/IaTHOTO0 KPUTUYHO OIIHIOBATH 1CHYIOU1
MIIX0M, TPOMOHYBATH BiacHI Monudikailii aaropuTMiB Ta pPo3pOoOSTH HOBI MIXO-
u/Moenl Juist poOOTH 31 CTPYKTYPOBAaHUMHU Ta HECTPYKTYPOBAHUMU JaHUMHU.

VY pesynbTaTi BUBYEHHS JUCHUIUIIHU «IHTENEKTyaIbHUI aHal3 CTPYKTYpP JaHHX»
acIlipaHTU MOBUHHI 3HATH Ta BMITH:

o CyuacHy kiacu@ikaliro METO/IIB IHTEJIEKTyalbHOTO aHamizy (IA) — Bia KilacHUYHUX
CTaTUCTUYHHMX KpHUTEpIiB A0 IIMOOKHX HelpomepexkeBux apxiTektyp (CNN, RNN,
Transformer, GNN) ta ancam6ieBux nigxosiB (Bagging, Boosting, Stacking).

o MateMaTuyHe TiAIPYHTS METOIIB: TEOPit0 UMOBIPHOCTEH, JiHIAHY anredpy, MeTo-
11 onTUMIi3alii (TpaJleHTHUN CIycK Ta ioro moaudikarii), GyHKIIT BTpAT Ta peryspu-
3alio.

o [TpuHIIMTIN OILIIHKHK SKOCTI Mojeliel: MeTpuku kiacudikaiii (Accuracy, Precision,
Recall, F1, AUC-ROC), perpecii (MAE, MSE, RMSE), knacrepu3arii (Silhouette, Dunn
index) Ta Mmetroau Bamiaiii (Cross-Validation, Bootstrapping).

° Metoau nonepeaHb01 0OpOOKU aHUX: TEXHIKW OYMIICHHS (BUSIBJICHHS BUKUIB),
HOpMaJi3allii/cTanaapTu3ailii, KoJayBaHHsI KaTeropiaJbHUX 3MIHHHMX, OajJaHCyBaHHS BU-
oipok (SMOTE, ADASYN) ta metoau 60poThOU 3 mpomyckamu (iMImyTaris).

o Crparerii 3MEHIIIEHHSI PO3MIPHOCTI JaHUX: METOoJ]l rojioBHUX kommoHeHT (PCA),
meron t-SNE, UMAP Tta aBTOoeHKOmEpH, @ TAKOXK KpUTepii BUOOPY AMCKPETHUX 1HGOP-
matuBHEX 03HaK (Feature Selection).

o Oco0nuBOCTI poOOTH 3 PI3HUMHU TUIIAMH CTPYKTYp JaHuX: TekcroBumu (NLP), 30-
opaxennsamu (CV), yacoBumu psgamMu, rpad)OBUMH CTPYKTYpaMu Ta MPOCTOPOBUMU JAa-
HUMHU.

o CyuacHuii iHcTpyMeHTapiii (010mioTteku Python: Pandas, NumPy, Scikit-learn,
PyTorch/TensorFlow) ta mnargopmu mist Benmukux nanux (Spark MLIib).

o Kputnuno obupatu meton IA, oOrpyHTOBYIOUM CBiil BUOIp BUXOIAYM 3 THUIY JIa-
HUX, pO3MIpy BUOIPKH, OOUHUCIIIOBATILHUX PECYPCIB Ta crieU(IKU HAYKOBOI 3a1ayi.



o CamocTiiiHO peali3oByBaTH (3 «HYJIs» a00 Moau(diKyBaTH) 6a30B1 AJITOPUTMHU Ma-
IIIMHHOTO HaBYaHHS 0€3 BUKOPUCTAHHS BUCOKOPIBHEBHX O10I0TEK /IS IJTMOIIOr0 po3y-
MIHHS IXHBO1 POOOTH.

o Bukonysatu noauit nmuki EDA (Exploratory Data Analysis) — Bi3yamizariito, BU-
SIBJICHHSI aHOMaJIiH, MepeBIPKy CTATUCTHYHUX TIOTE3 1010 PO3NOILITY JAHUX.

o bynyBaTtun naimnaitan aBromatudHoi 00poOku manux (Data Pipelines) 3 ypaxyBan-
HsM npuHIUIiB MLOps 11t mogansoro MacitadyBaHHs OCTIKEHHS.

o Po3B's3yBatu 3amaui omrumizarii rinepnapametpiB (GridSearch, RandomSearch,
Bayesian Optimization) a7st HOKpaIieHHsi TOYHOCTI MOJIECIICH.

o [HTEpripeTyBaTH pe3yabTaTH pOOOTU CKIATHUX MOJENEH, BUKOPUCTOBYIOYH METO-
mu SHAP, LIME a6o anaii3 BariB JJisl OSICHEHHS IMPOTHO31B.

o [Ipotucrositu mnepenoBHeHHio (Overfitting) Ta HEAOCTaTHbOMY HaBYAHHIO
(Underfitting), 3acToCOBYIOUM BIJAINOBIJIHI TEXHIKA peryispu3alii, ayrMeHTauli ta apo-
nayry.

o ®opmyaroBaTH BUCHOBKH Ta MPECTABIATH PE3yIbTaTH aHANI3y y BUTIIAI HAYKO-
BUX 3BITIB, ITyOJIIKAIli{ Ta BI3yaJIbHUX AAIIOOP/IiB, 3IaTHUX MEPEKOHATH K (PaxoBy, TaK 1
He(haxoBy ayJUTOPIIO.

JUIst JOCATHEHHS MOCTaBJIEHOT METH Y MPOLIECl BUBUYECHHS JUCLHMILIIHU «]HTEneKTya-
JBHUM aHaMI3 CTPYKTYP JAHUX» BUPILIYIOTHCS TaKl KOHLIENTYalbH1 3aBIaHHS:

o [TornubneHHs: TEOPETUYHUX 3HAHb: CUCTEMaTH3alllsl 3HaHb PO Cy4acHl Mapajaur-
MH IHTEJICKTyaJIbHOTO aHaji3y, BKJIIOYAIOYM TIJIMOOKE HABUaHHS, aHCAMOJIEBI METOJIH,
rpadoBi HEHPOHHI MEpPEXi Ta METOAN OOPOOKH MPOCTOPOBO-4aCOBUX PsiiB. OCOOIUBY
yBary NOpHUAUIEHO aHajli3y TEOPEeTHYHHMX MEX 3aCTOCOBHOCTI Mozeneil (bias-variance
tradeoff, VC-po3mipHICTh) Ta MUTAHHSM IHTEPIPETAOEIBHOCTI YOPHUX CKPUHBOK.

o Po3BUTOK MOCHITHUIIBKAX HAaBUYOK: (DOPMYBaHHS 3aTHOCTI CaMOCTIHHO (opMy-
JIOBaTH HAYKOBl TINMOTE3d, OOMpaTH ONTUMAJbHI CTpaTerii monepeaHboi 0OpoOKH
(preprocessing) Ta imxenepii o3Hak (feature engineering) s cenupiyHUX TPEIMETHUX
oOnacTeil, a TaKOk KOPEKTHO IUIAHYBAaTH E€KCIIEPUMEHTH IUisl BepudIKallli OTpUMaHHUX
pe3yibTaTiB.

° AnTropuTMidYHa KOMIIETEHTHICTD: OMTAHYBAaHHSA TEXHIK ONMTHUMI3allii 00YHCIIOBAIb-
HUX TMPOIIECIB, PO3YMIHHS MPHUHIUIIB po3noaiaeHnx obuuciaens (MapReduce, Spark) ta
e(heKTHBHOI POOOTH 3 BEIUKUMH JAHUMHU, IO BHUXOMSITH 3a MEXKI OIEpaTHBHOI Iam’sITi
(Out-of-core computing).

o Kputnune oriHtoBaHHS: BUpOOJICHHS HABUYOK MOPIBHSIIBHOTO aHATI3Y KIACUYHUX
CTaTUCTUYHHMX METOIB Ta Cy4aCHHX METOJIB IITYYHOTO IHTEJIEKTY ISl YHUKHEHHS TH-
MOBUX JIOTIYHUX TOMWIOK (TIPOKIATTA PO3MIPHOCTI, MepexpecHa Kopensiis, data
leakage) Ta 3a0e3neueHHs BiITBOPIOBAHOCTI HAYKOBUX PE3YJIbTATIB.
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VY pe3ynbTati OnaHyBaHHsS Kypcy acmipaHT Mae OyTH 3[aTHUM HE JIMIIE 3aCTOCOBY-
BaTH MAKETU aHAJI3y JaHUX, alie ¥ MPOEKTYBATU apXITEKTYpy CUCTEM MIATPUMKHU MPHii-
HATTS pimeHsb. Ile nependbavae BMiHHS OyayBaTH TOpUAHI MOJIEN, K1 MOEHYIOTH TIepe-
Barv CUMBOJIBHUX Ta CyOCHMMBOJBHUX METOIB, aJIallTYIOUH iX mij crenudiky HayKoBOi
raiy3i JOCTITHUKA.

BaxxuBum acnekToMm € Takox (opMyBaHHS akaJeMIYHOi J10OpOYECHOCTI B KOH-
TEKCT1 aHaTI3y JaHMX, 0 BKIIOYAE KOPEKTHE ynpaBmiHHS gaHuMH (data management),
3a0e3neyeHHs] KOH(DIIEHIIIHHOCTI Ta €TUYHI aCIEKTH BUKOPUCTAHHS MPOTHO3HUX aJIr0-
PHUTMIB.

KinneBum pe3yabTaToM BUBUEHHS TUCHUIUTIHU «[HTENEeKTyalbHU aHAlli3 CTPYKTYP
JAHUX» € MArOoTOBKA (haxiBIls, 31aTHOTO 1HTETPYBATH METOIU 1HTEJICKTYaIbHOTO aHaJ13y
y BJIaCHE JIMcepTalliiiHe JOCIIKEHHS SK Ha eTarl 00poOKH eMITIPUYHUX JaHUX, TaK 1 s
CTBOPCHHSI HOBUX TCOPETUYHHX y3araJibHeHb. OTpUMaHi 3HaHHS CTaHYyTh (QYHIaMEHTOM
JUTsI HAIMCAHHSI BUCOKOSIKICHMX HAayKOBUX MyONiKaliil y BUAAHHSAX, IO 1HAEKCYIOThCSA Y
MDKHApOJIHUX HAayKOMETpUYHMX Oa3ax, Ta I MOJANbIIOl NPOQPeciiHOl ISIBHOCTI Y
cthepi Data Science.

BianoBigHO 10 OCBITHRO-HAYKOBOI MPOTPaMK, BUBUCHHS JUCIUIUIIHU CIIpuse (op-
MYBaHHIO TaKUX KOMITIETCHTHOCTEH:

Inrerpanbna kommnereHTHicTh (IK):

31aTHICTh MPOJYKYyBaTH HOBI 1/1€1, pO3B’sA3yBaTH KOMILUIEKCHI pobseMu mpodeciii-
HOT Ta/ab0 AOCTIAHUIIBKO-IHHOBALIMHOI AISUIBHOCTI y cepi 1HKEeHepli IporpaMHOro 3a-
Oe3reyeHHs Ta 3 JOTUYHUX J0 Hel MDKIUCITUIUTIHAPHUX HAIPSIMIB, 3aCTOCOBYBATH METO-
JI0JIOT110 HAYKOBOI Ta MeAaroriyHoi MisUIbHOCTI, TPOBOAUTH BIACHE HAYKOBE JOCIIIKEH-
Hsl, PE3yJIbTaTH IKOTO MAalOTh HAYKOBY HOBU3HY, TEOPETUYHE Ta MIPAKTUYHE 3HAYCHHS.

CunenianbHi (¢paxosi, npeamerni) komnereHTHOCTI (CK):

CKO08 — 3paTHICTh 311HCHIOBATHM Ta OPraHi30BYBaTH HAYKOBO MENAroriyHy isijib-
HICTb y 3aKJIaJiaX BUILOi OCBITH.

CK10 — 3100yTTsl IpyHTOBHUX 3HaHb 31 CHELIAJbHOCTI, 32 SIKOK acHipaHT MpPOBO-
TUTH AOCTIHKEHHS, 30KpeMa 3aCBOEHHSI OCHOBHUX KOHIICTIIIHN, pO3yMiHHS TEOPETHUHUX 1
NPaKTUYHUX MPOoOJIeM, ICTOPil pO3BUTKY Ta Cy4yaCHOTO CTaHy HayKOBHX 3HaHb 3a BIJIO-
BIJIHOIO CTICIIAIbHICTIO, BOJIOJIIHHS TEPMIHOJIOTIEIO 3 TOCHIIKYBAHOTO HAMPSAMY B 00Cs31
kpenutiB EKTC BIAMOBIAHO 0 CTaHAAPTY BUIIOI OCBITH.

CK11 — 3nmatHICTh AOCHIIXKYBATH, PO3POOIISATH, TPOCKTYBATH, MOJIEIIOBAaTH Ta pea-
J130BYBATH IHTEJIEKTYaIbHI CUCTEMU MIATPUMKHU MPUIHATTS PIlLICHb.
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3. NEPEJIYMOBM JJIsI BUBYEHHS HABYAJIbHOI JUCLHUIIJITHA

OO00B‘SI3KOBOIO TEPETyMOBOIO BUBUEHHSI HABUYAJIBHOI UCUUIUIIHU «[HTEleKTyalb-
HUW aHaI3 CTPYKTYpP JIaHUX» € 300yTUM ApyTruil piBeHb BUIOI OCBITH (MaricTp). Heoo-
X1THUMU € 0a30Bl 3HAHHA 3 1HXKEHEPIl MPOrpaMHOIo 3a0e3MeUeHHs, KOMIT FOTEPHUX Me-
pex, 6a3 JaHuX, aJTOPUTMIB, MATEMATUYHOTO MOJIEITIOBAHHS Ta METOMIB IITYYHOTO 1H-

TEJIEKTY.

4. OYIKYBAHI PE3YJIbTATU HABUYAHHSA

BiamoBigHO 10 OCBITHRO-HAYKOBOI MporpaMu «IH>KEeHepis MporpaMHoro 3abesrie-
YCHHS», BUBUCHHS HABYAJIHHOI JUCUIUIUIIHN MOBUHHO 3a0€3MEUNTH TOCSITHEHHS 3/100Y-

BayaMU TaKUX MPOrpaMHUX pe3yibTaTiB HaByaHHs (PH):

IIporpamHi pe3yJibTaTH HABYAHHA

HIudpp PH

Martu nepefoBi KOHIENTyadbHI Ta METOAOJIOTTYH] 3HAHHS
3 1HKEeHepii MporpaMHOro 3a0e3nedeHHs Ta JOTHYHHUX 0
Hel MDKIMCUMIUTIHAPHUX HaIpsSMIB, a TaKOX JOCIIIHH-
IIbKI HaBUYKH, JOCTaTHI JJIs TPOBEJICHHS HAyKOBHUX 1
MPUKIIAIHUX JTOCTIKEHb Ha PIBHI OCTaHHIX CBITOBHUX JIO-
CATHEHb 3 BIAMOBIHOTO HAMpsSMY, OTPHUMaHHS HOBHUX
3HaHb Ta/a00 3a1HCHEHHS 1HHOBAIIM.

PHOI

[InanyBaTH 1 BUKOHYBAaTH €KCIIEPUMEHTaJIbHI Ta/ab0
TEOPETUYHI JTOCTIKEHHS 3 1HXXEeHepii MporpaMHOro 3a-
Oe3rnedyeHHs Ta JOTHYHUX MUKIUCIUIUIIHAPHUX HAMPAMIB
3 BUKOPUCTaHHSIM CyYacCHHX IHCTPYMEHTIB Ta JOTPUMAaH-
HSIM HOpM akaJeMIyHOi 1 Mpo(deciiiHOi €TUKHU, KPUTUYHO
aHaJI3yBaTH pE3yJIbTaTH BJIACHUX JOCIIKEHb 1 Pe3yJib-
TaTU 1HIIUX JOCTIAHUKIB Y KOHTEKCTI YChOTO KOMILIEKCY
Cy4acHUX 3HaHb 1010 TOCTIKYBaHO1 TPOOJIEMH.

PHO2

[IporonyBaTi HOBI €PEKTUBHI METOAM 1 MOJAEII PO3p00-
JICHHSI, BIIPOBA[)KCHHSI, CYIIPOBOTY Ta 3a0e3IeUeHHS SIKO-
CTl TPOTPaMHOTO 3a0€3MEUYCHHsI Ta yIPAaBIIHHS BiAMOBIJI-
HUMH MPOIIECAMH Ha BCIX eTanax XUTTEBOTO ITUKITY.

PHO3

3acTOCOBYBATH Cy4yacH1 IHCTPYMEHTH 1 TEXHOJIOT1] MONIy-
Ky, 00poOJeHHs Ta aHai3y iHdopmallii, 30KpeMa, cTaTHc-
TUYHI METOAM aHajii3y JaHuX BEJIMKOro olcsAry Ta/abo
CKJIQJTHOI CTPYKTYpH, CIieliai3oBaHl 0a3u AaHWX Ta 1H-
dbopmartiitHi cucTemMu I TOKpamieHHS e()EeKTUBHOCTI
IPOTPaMHUX CHUCTEM.

PHO5

Po3po0nsiTi Ta IOCHIAXKYBAaTH KOHUENTYyallbHI, MaTeMa-

PHO7
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THYHI 1 KOMIT'IOTEpHI MOl TPOIECIB 1 CHUCTEM JJIA
OTpUMaHHS HOBUX 3HaHb Ta/a00 CTBOPEHHS 1HHOBAIIMHUX
MPOAYKTIB Y 1HXKEHEpii MpOorpamMHOTo 3a0e3NeUeHHS Ta
JOTUYHUX MIKIUCIUTUTIHAPHUX HaMpsiMax.

['Mrboko po3yMiTH 3arajabHI MPUHITUIIN Ta METOIU 1HXKE-
Hepii mporpaMHOro 3a0e3neyueHHs], a TAKOXK METOI0JIOTII0 PHOS
HAYKOBHX JIOCIIKEHb, 3aCTOCOBYBATH 1X Y BJIIACHUX JOC-

JKEHHSX Ta y BUKJIAIAlbKIM MPaKTHIII.

dopmyroBaTH Ta BUPINITYBATH 3a/a4yl ONTUMI3allii, aaar-
TaIlii, MPOTrHO3YBaHHs, KEPyBaHHS Ta MPUUHATTS pillleHb
IOJI0 TIPOIIECiB, 3aC00IB Ta pecypciB Po3poOKH, BIPOBA- PHO09
JOKEHHS, CYNMpPOBOAY Ta €KCIUTyaTallii MporpaMHOro 3a-
Oe3neyeHHs.

3Mi1MCHIOBATU JOCIIJIKEHHS Ta IPOSKTYBAHHS BCIX €TarliB
YOPABJIIHHS MPOILIECAMH YKUTTEBOTO ITUKITY CKIAIHUX CHC-

TEM Ha OCHOBI CYy4aCHHUX METOJIIB 1HTEJIEKTYaJIbHOI'O aHa- PHIS
T3y JaHUX.

Bwmitu 3a1iicHIOBaTH TOCHIKESHHS, MOJICIIOBAaTH Ta

IPOEKTYBaTH 3aco0M MPOrpaMHOro 3a0e3MedeHHs IS

NPUIHATTS PIIIEHh B YMOBaX PU3HKY Ta HEBU3HAUYEHOCTI PHI16

JUTSL pO3B’sSI3YBaHHS MPUKIAIHUX 33]1a4 ITUPPOBOI TpaHC-
dbopmartii.

OuikyBaHI pe3yibTaTH HaBYaHHS, sIKI IOBUHHI OyTH TOCATHYTI 3100yBayamMu MicCJs
OMaHyBaHHS HABYAJIbHOI JUCHUIUIIHU «|HTE€NEKTyaIbHUI aHali3 CTPYKTYpP JaHUX»:

IIporpamui pe3yibTaT HABYaHHA Hlupp PH

BropoBampkyBaTi TepeioBi KOHIEMINT Ta METOJ0JIOTi
0e3meyHoi po3pOOKH MPOrpaMHUX MOJENEH; KPUTHYHO
aHamizyBaTu cydacHi texnosorii LI, moneni ananizy na- PHOI
HUX; OOIPYHTOBYBaTHM BHOIp METOMAIB Ta 1HCTPYMEHTIB
JUUISl HAYKOBUX 1 MPUKJIQIHUX JTOCTIKEHb.

AJlpecHO TUTaHYBaTH Ta BHUKOHYBATH KOMILJIEKCHI IPO-
rpamui mMoAem MetomiB Il Ta qOTHYHMX MIKIMCITUTLII-
HApHUX HAMPSIMIB 3 BUKOPUCTAHHSAM CyYacCHHUX 1HCTpyMe- PHO02
HTIB — JIOTPUMYIOUHUCh HOPM aKaJeMI4HOi 1 nmpodeciitHoi
€THUKH.

Po3po6isTi Ta yAOCKOHATIOBATH MOJEN, METOAM, 1H- PHO3
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CTPYMEHTH aHaIIi3y JaHWX, IPOTpaMHi MPOTOTHUITH CKJIaJI-
HUX CTPYKTYp JaHUX; BUKOHYBaTu (hasudikairito, arpery-
BaHHA, jAcdasudikailito, TECTyBaHHS Ta Bepudikallito
OTpUMAaHUX PE3yJIbTaTiB.

3acTtocoByBaTH Ta MOAM(IKYBAaTH Cy4acHi IHCTPYMEHTH 1
TEXHOJIOT1] aHaNi3y CKJIaJHUX CTPYKTYp JaHUX 3aJlaHUX B

. . .. PHOS5
npupoHiKA Gopmi, Ui OKpaeHHsT e(eKTUBHOCTI 1H(O-
pMaIliifHIX CUCTEM.
JocnipkyBaTi 1 po3po0IsaTH MOJACHI Ta METOJIU 0OPOOKH
BEJIMKUX MAcCHUBIB JWCKPETHUX JaHUX JJIsi CTBOPEHHS PHO7

IHHOBAIITHUX TMPOJYKTIB y 1HXKEHEpii MporpaMHOro 3a-
Oe3rneueHHs.

BMmitu mipoBOAMTH TIHMOOKY CTPYKTYPHY JEKOMIIO3HUIIIIO
MOJIeJICH aHalli3y CTPYKTYp JaHUX Ha OCHOBI METOJI0JIOTI{
HAayKOBHUX JIOCHTIIKEHb, 3aCTOCOBYBAaTH OTPUMaHI Pe3yb- PHOS8
TaTU y BJIACHUX JOCIIIKCHHSAX Ta y BUKIIAJIALBKIA MpaK-
THIIL.

EdexkTuBHO po3B‘sI3yBaTH KOMIUIEKCHI 3a/iadl ONTUMI3a-
11ii, aganTarnii, MPOTHO3YBAaHHSI, KEPYBAHHS Ta MPUHHATTS PHO9
pIIIEHb IIOJI0 MPOIIECIB TITUOOKOI0 aHAII3y JaHUX, BUII-

JICHHS! AUCKPETHUX O3HAK 1 aTpUOyTIB.

PeamizoByBaTH KOMILIEKCHI JOCIIKCHHS/aHA3 BEJIH-
KW MacWBIB JTUCKPETHUX JAHUX HAa OCHOBI Cy4aCHUX Me- PHIS
TOMIB  IHTEJNEKTYyaJIbHOTO  aHadizy JaHux (Moje-

neit/itncrpymentis LHI).

PeamizoByBaTi BCi e€Tanmyd KOMIUICKCHOTO JOCIIIKCHHS
MacCHUBIB/CTPYKTYp JaHUX, MOJENIOBaTH/aHATII3yBaTH Ta
MPOEKTYBATH MPOTrpamMHi MoJei/peanizaliii A IpUiHSIT- PHIG
T pIilllEHb B yMOBaX PU3UKY Ta HEBU3HAYEHOCT1 (IS
pO3B’A3yBaHHS NMPUKIAAHUX 3a1ad nudpoBoi TpaHchop-

Maitii).

5.3ACOBHU JIATHOCTHUKHU TA KPUTEPII OLIIHIOBAHHSA PE3YJIbTA-
TIB HABYAHHSA
3aranbHUMHU 3aco0aMU OIIHIOBAHHS Ta METOJAMH JIEMOHCTPYBaHHS PE3yJbTaTiB
HAaBUYaHHA €: MPAKTUYHI pOOOTH; TEOPETUYHI MOAYJIbHI KOHTPOJIl; aHaJll3 MAcHUBIB Jia-




HUX/BUXIJTHOTO KOJY; 3BITH 31 CTPYKTYPHOIO CXEMOIO, IHCTPYKIIIEI0 KOPUCTYBaya, JICTH-
HTOM 1 CKPHHILIOTAMH; TIPE3EHTALlis Ta 3aXUCT Pe3yJIbTaTiB; EK3aMeH.

@®opMH KOHTPOJIIO TA KPUTEPIi ONIHIOBAHHS Pe3yJIbTaTIB
dopMH TOTOYHOTO KOHTPOJIIO: BUKOHAHHS, TECTyBaHHS, JEMOHCTPAIliSl Ta 3aXHUCT
MPaKTUYHUX TPOTPAMHHUX POOIT; MMCEMOBE 200 TECTOBE BUKOHAHHS TCOPETUIHUX MO/TY-
JTHHUX KOHTPOJIBHUX POOIT.
dopmMa TiICyMKOBOTO CEMECTPOBOT'O KOHTPOJIIO: €K3aMEH.
Ex3ameH npoBoAuTECS Y TUCHMOBIN a00 TeCTOBiM (PopMi Ta OXOIUTIOE TEOPETUIHUIN
1 MPAaKTUYHUHN 3MICT JIBOX MOJIYJIIB HABYAIBHOT AUCIUILUIIHUA. J{0 CKIagaHHs MiJICYMKOBO-
ro KOHTPOJIIO JIOMYCKarOThCs 37100yBadyl, ikl BUKOHAIU, O(POPMUIIN Ta 3aXUCTUIM OOUIBI
MpaKTU4YH1 POOOTH.
Oc00,1MBOCTI BUKOPUCTAHHSA 32C00iB JIarHOCTUKH Ta KOHTPOJIIO 32 YMOB
AMCTAHUINHOTO HABYAHHS

B ymoBax BuKopucTaHHs (opMaTy OHJIaH-HAaBYaHHS (IMCTAHUIMHOIO HABYAHHS) 13
3aCTOCYBaHHSAM KoprnopatuBHOi Mepexi Google Meet Ha3BaH1 3acobu, MeToau 1 GopmMu
BU3HAYAIOTHCSA 34 JOMOBJICHICTIO 31 CTYJCHTCHBKUM KOJEKTHBOM 1, B 3aJIe)KHOCTI BiJ
3pY4YHOTO BUJY B3a€MO/Iii, 3aCTOCOBYIOTHCS 3 JIOMIOMOTOI0 ICHYIOUMX (YHKIIIH TPyTOBUX
YaTiB Ta B1JI€0-KOH(DEPECHIII.

Jlns eheKTUBHOTO 3aCBOEHHS TEMAaTHKH € MOXJIMBICTH JEMOHCTpAIlii HEOOXITHUX
MarepiaiaiB Ha poOOYOMY CTOJI KOMIT FOTEPHOT0 TEXHIYHOTO 3ac00y Mij] Yac 3aHsTh.

3o0kpema, y pasi moTpedu, mij yac OHJIaHH-3aHATTS MOKHA HAJIaTH JOCTYII IO CBOTO
€KpaHy, 100 MoKa3aTh Tpe3eHTallli ado 1HITy TeMaTH4HY 1H(pOpMallio Ha pobodoMy
CTOJI.

[InanyBaHHS JEKUIMHUX 1 JaOOPATOPHUX 3aHATh, MOAYJbHUX KOHTPOJBHUX pOOIT, a

TaKOXX MIJCYMKOBa MEpEBIpKa 3HaHb y (POpMiI eKk3aMeHy 31MCHIOETHCS 3a3/ajeriib 3a
JOTIOMOIOK0 MPUB’SI3KKM 0 Tyri-KajieHaaps. CUHXpOHI3alls 3alulaHOBAHMX 3axXOIIB
BUKOHY€THCS aBTOMAaTUYHO HA BCIX 3pYYHHUX ISl IX MPOBEACHHS MPUCTPOSIX.

Po3noain 6auiB, iIKi oTpUMYHOTH 3100yBadi BUIIIOI OCBITH

. . TeopeTH4HUIT MOYJIb-
3micToBHMi MOAYJIb IIpakTuyna po6ora . MaxkcumyM 3a MOYJIb
HM KOHTPOJIb

[Tpaktuyna po6ota Nel — 30| MozaynbHUNA KOHTPOIb

OaiiB Nel — 70 Gais 100 Ganis

Mopyns 1 (T1-T6)

[TpakTiuna po6ora Ne2 — 30| MoaynbHUI KOHTPOIIb

Monyas 2 (T7-T12) 6ais Ne2 — 70 Gais

100 6anis

OuiHIOBaHHS OKPEMHUX BH/IiB HABYAJIbHOI POOOTH 3 IUCHHUILIIHA

Buna pissibHOCTI 3100yBava BU-

101 OCBIiTH KinpkicTs MaxkcuManbHa KidbKiCTh 6aliB (cymapHa)
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[TpakTuuHi 3aHATTS 3 3ansaTTa o 10 30
MoaynbHa KOHTpoJIbHA podoTa Nel 1 70
Pazom 100

[TpakTu4Hi 3aHATTS 3 3ansaTTa no 10 30
MonaynbHa KOHTpOJIbHA poboTa Ne2 1 70
Pazom 100

Kpurepii ofiHiOBaHHSA MiJICYMKOBOI'0 CEMECTPOBOI0 KOHTPOJIIO.
Or1iHIOBaHHS 3JIMCHIOETBCS OKPEMO 3a KOKHUM 3MICTOBUM MoxayJieM 3a 100-
OaspHOIO mKaIot0. Pe3ynbrar Mmoayis 1 hopmyeTbes sik cyma OamiB 3a MPaKTHYHY POOO-
Ty Nel (30 GaimiB) 1 TeopeTuuHHil MOy IbHHK KOHTpObh Nel (70 GamiB). Pe3ymbratr mo-
nyJist 2 popMyeThes sIK cyma OaltiB 3a mpakTuyHy poooty Ne2 (30 GaiiB) 1 TEOPETUUHUIN
MoaypHUN KOHTpob Ne2 (70 6ainiB). IlincymkoBa cemecTpoBa OIiHKA Ta OIlIHKA 3a €K-
3aMEH BHU3HAUYAIOTHCS SIK CepeHE apuMEeTUUHE Pe3yJIbTaTiB IBOX MOJIYIIB.

* [Ipaktuyna po6orta (30 6aiiB): KOPEKTHICTh MPOTPAMHOI peaitizallli Ta 004YHCIeHb —
12 GaniB; MOBHOTAa BUKOHAHHS 3aBAaHHsA — 6 OaiB; TECTyBaHHs 1 Bepudikarlis pe-
3yJbTaTIB — 4 0anu; SIKICTh 3BITY Ta MPOTPaMHOI JOKYMEHTalli — 4 0anu; mpe3eHTauis
1 3axuct — 4 Oanu.

* Teopetnunuii MOAyJIbHUNA KOHTPOJb (70 OamiB): y mMUCbMOBIA (OopMiI — 5 ONMUCOBUX
nuTanb no 14 GaniB; y TecToBiit popmi — 20 TecToBUX 3aBnaHb o 3,5 6ana. Makcu-
MajbHa CyMa 3a KOKHHUI TEOPETUUHHUM MOJYJIbHUI KOHTPOJIb CTaHOBUTH 70 GaiB.

MincymkoBa ouninka = (MoayJasb 1 + Moayas 2) / 2

[TlimcyMKoBa ek3aMeHaIliiiHa OIlIHKa BHU3HAYAETHCSA 3a HAKOMHWYYBaJbHOK CHCTE-
MOIO SIK cepeiHe apu(PMETHIHE Pe3yIbTaTIB MEPIIOro 1 JPYroro 3MiCTOBUX MOJTYJIB.
IlepeBenennst 1anux 100-06a,1bHOI IIKAJY OWiHIOBAHHSA Y OWIHKH 32 HAIIOHAJIbHOIO

mKajgow ta mrkajaow €EKTC

Cyma 0aaiB  |Ouninka EKTC OuiHka 32 HAIOHAJILHOIO HIKAJIOK0
eK3aMeH, aJud. 3aiik 3aJliK
90 -100 A BIJIMIHHO
82 -89 B 6
74 - 81 C fobpe 3apaxoBaHO
64 -73 D .
60 - 63 E 3a0B1UJIIBHO
35-59 FX :
0-34 F HE3aJ0BIJIbHO HE 3apax0BaHO

BinnosigHo no IlonoxeHHs mpo MOpsAIOK Ta METOJIUKY MPOBEIEHHS CEMECTPOBUX
(KypcoBHX) €K3aMeHIB 1 3alliKiB B YKTOpPOJICHKOMY HAaI[lOHAJIBHOMY YHIBEPCHUTETI,
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3aTBepakeHoro Hakazom pekropa JBH3 «YxHVY» Big 08.05.2015 p. Ne 698/01-17,
3HaHHA 3700yBayiB OIIIHIOETHCS SK 3 TEOPETHYHOI, TaK 1 3 MPAKTUYHOI MIJATOTOBKH 3a
TaKUMHU KPUTEPIsIMU:

OLIHKY «BiaMiHHO0» (90-100 0ajiB, A) 3acayroBye 3100yBay, AIKHii:

BCEOIYHO 1 INTMOOKO BOJIOI€ HABUAJILHO-TTPOTPAMOBUM MaTepiajioM;

BMi€ CaMOCTIfHO BHKOHYBAaTH 3aBJaHHS, MependavyeHi IporpamMor0, BUKOPUCTOBYE
HaOyTi 3HaHHS 1 BMIHHS Y HECTaHJIAPTHUX CUTYaIlISX;

3aCBOiB OCHOBHY 1 03HaHOMIICHUH 3 TOJIATKOBOIO JIITEPaTyporo, siIka PEKOMEHI0OBaHA
IPOrpamMoro;

IIPY BUKOHAHHI MPAKTUYHOTO 3aB/JIaHHS 3aCTOCOBYE CHUCTEMHI 3HAHHS HABYAJIHLHOTO

MaTepialy, nepeadaueHi HaBYaIbHOIO MPOTrPaMoIo.

OLIHKY «100pe» (82-89 6auis, B) — 3acayroBsye 3m100yBay, sKkuii:

MOBHICTIO OMNaHyBaB 1 BUIBHO (CaMOCTIHHO) BOJIOJI€ HABUYAJIbHO-NPOrPAMOBUM
MarepiajioM, B TOMY YHCJ 3aCTOCOBYE€ MOro Ha MPAKTHUIl, MAa€ CUCTEMHI 3HAHHSA B
JIOCTaTHBOMY  00CSI31  BIJIMOBIHO [0  HABYAJBHO-MPOrPAMOBOIO  MaTepiany,
apryMEHTOBAaHO BUKOPHUCTOBYE 1X Y PI3HUX CUTYaIIsIX;

Ma€ 3JaTHICTh JO CaMOCTIMHOTO TONIYKYy 1H(opmalii, a TakoX 10 aHami3y,
MOCTAaHOBKY 1 PO3B’SI3yBaHHsI MPOOJIeM MPOPECIHHOTO CIIPSIMYBaHHS;

1] 9ac BIAMOBII JOMYCTUB JIeIKl HETOYHOCTI, K1 CAaMOCTIHHO BUIIPABUB, 100Hpae
MEPEKOHJIMBI apTyMEHTH Ha MIATBEPPKEHHS BUBYEHOTO MaTepiaiy;

OLiHKY «100pe» (74-81 6au, C) — 3acayroBye 3100yBay, AKUii:

B LIUVIOMY HaBYajbHy MporpamMy 3acBOiB, aji¢ BIAMNOBIJA€ 3 TEBHOI KUIbKICTIO
MTOMUJIOK;

BMi€ TMOPIBHIOBAaTH, Yy3arajJbHIOBATH, CHUCTEMAaTH3yBaTH 1H(oOpMalilo i
KEpIBHUIITBOM BHKJIaJaya, B LUIOMY CaMOCTIHHO 3aCTOCOBYBAaTH Ha MPAKTHIIL,
KOHTPOJIIOBATH BJIACHY JISUIbHICTB;

OTIaHYBaB HABYAJIBHO-IIPOTPAMOBHUI MaTepiall, YCIIIIHO BUKOHAB 3aBIaHHS,
nepenabaueHi MpPOrpaMor0, 3acBOIB  OCHOBHY JITEpaTypy, sKa pEKOMEHIOBaHa
MPOTPamoro;

OUIHKY «3a10BLIbHO» (64-73 0anm, D) — 3acayroBye 3100yBay, siKuii:

3Ha€ OCHOBHUI HABYAJIBHO-IIPOTPAMOBHI MaTepian B 00Cs3i, HEOOXITHOMY IS
MOIAJILIIIOTO HABYaHHS 1 BUKOPUCTAHHS HOT0 Yy MailOyTHi# npodecii;

BUKOHYE 3aBJIaHHS HEIMOTaHO, aJie 31 3HAYHOI KUIbKICTIO TOMUJIOK;

03HAaHOMJIEHHI 3 OCHOBHOIO JIITEPaTypoIo, sika pEKOMEHJ0BaHa MPOrpaMolo;

JIOMyCKae MOMUJIKA NPU BUKOHAHHI 3aBJaHb, aje€ MiJ KEepIBHUUTBOM BHUKIIaJgaya
3HAXOJWTh IIJISXH 1X YCYHCHHS.

OLIHKY «3a10BLILHO» (60-63 6asu, E) — 3acayrosye 3m00yBay, sxuii:

BOJIOJII€ OCHOBHMM HaBYAJIbHO-IIPOTPAMOBUM MaTepiaioM B 00Cs31, HEOOX1THOMY
JUTSL TIOJIJIBIIOT0 HABYAHHS 1 BUKOPUCTAHHA MOro y MaOyTHIM mpodecii, a BAKOHAHHS
3aBJaHb 33JJ0BOJIbHSAE MIHIMAJIbHI KpUTEpii. 3HAHHS MalOTh PEMPOTyKTUBHHUMN XapaKTep.

OLIHKA «He3a10BiJILHO» (35-59 6auiB, FX) — BUCTaB/sIETHCS 3100yBavy, AKUIM:
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BUSIBUB CYTTEBI TNPOTAIMHH B 3HAHHAX OCHOBHOTO IPOTPaMOBOTO MaTepiany,
JOITYCTHB MPUHITUTIOB] MIOMWIKH Y BUKOHAHHI Tiepe0adyeHnX MporpaMoro 3aBaHb.

OLiHKA «He3a10BLIbHOY» (35 0aJiB, F) — BucTaBJsAE€THCS 3100yBavy, AKHIi:

BOJIOJII€ HABYAJILBHUM MaTepiajoM TUIbKK Ha PIBHI €JIEMEHTapHOTO PO3Mi3HABaHHA 1
BIITBOPEHHS OKpeMUX (haKTiB a0 HE BOJIOJIIE€ 30BCIM;

J0ITyCKae Tpy0i TOMUJIKY TP BUKOHAHHI 3aBJIaHb, TepeI0adeHUX MPOTrpamMoro;

HE MOKE MPOJIOBKYBAaTH HaBUYAaHHS 1 HE TOTOBUM 10 MPOodeciiHOl MIsUTbHOCTI MiCs
3aKiHYCHHS YHIBEPCUTETY 0€3 TOBTOPHOTO BUBUCHHS JTAHOT JUCIIUTUTIHH.

[Tpu BUCTaBICHHI OIIHKU BPAaXOBYIOTHCSA PE3yJIbTaTH HABYAIBHOI POOOTH CTyACHTA
MPOTSTOM CEMECTDY.

AxkanemiuHa goOpouecHicthb: [lomiTuka om0 akagemMiuHoi JA0OpPOYECHOCTI
YYaCHHUKIB OCBITHBOTO MpOLECY (POPMYyeETbCS Ha OCHOBI JOTPUMAHHS TPUHLMIIIB
aKaJeMIgyHO1 JOOpOYECHOCTI 3 ypaxyBaHHAM HoOpM [loyiokeHHST TIpo akajgeMiuHy
noOpouecHicth B JIBH3 «Ykropoacbkuil HalllOHaJbHUN YHIBEPCUTET, 3aTBEPIKEHOIO
BUCHOIO  pagor  yHiBepcutery  Bim  23.02.2017  p., nporokon  Ne 3,
https://www.uzhnu.edu.ua/uk/infocentre/get/12223.

IIpaBuia mnepe3apaxyBaHHsl KpeauTiB y BUNaAKy MoOiabHocTi: [lomiTuka
mono nepe3apaxyBanHs kpeauTiB €KTC y Bumaaky MoOUIBHOCTI (QopMyeThes 3
ypaxyBaHHsIM HOpM [lojokeHHs Mpo MOpsiIOK BU3HAHHA (Tepe3apaxyBaHHS) KpPEIUTIB
€KTC pans ydacHHMKIB Tporpam axkajeMidyHoi MOOUIBHOCTI y JlepkaBHOMY BHUIIOMY
HaBYAJIBHOMY 3aKjiajil «YKTOpOJChKUM HAIlOHAJTBLHUM YHIBEPCUTET», 3aTBEPIKEHOTO
BUECHOIO  pagor  yHiBepcutery  Big  30.05.2019  p., nporokon  Ne 6,
https://www.uzhnu.edu.ua/uk/infocentre/get/21266.

IIpaBuia BU3HAHHA Ppe3yJbTaTiB HABYAHHHA, OTPUMAHHMX Y He(pOpMaJbHIH
Ta/a60 iHpopmanbHiii ocsiti: IlomiTuka 1mOK0 BU3HAHHS pE3yJIbTATIB HABYAHHS,
OTpPUMaHUX y HepopMasbHii Ta/abo 1HPOpPMaBHIN OCBITI, (HOPMYETHCS 3 ypaxyBaHHSIM
HopMm [lomokeHHsT TIpO TOPSIOK BU3HAHHA B [lepkaBHOMY BHIIIOMY HaBYalbHOMY
3aKaal «YKropoAChKU HAIllOHATBHUM YHIBEPCUTET» PE3yJIbTaTiB HaBUYAaHHS, 3100yTHX
npotsiromM HedopmanbHOi Ta / a0 1HPOpMaATBHOT OCBITH, 3aTBEPKEHOTO BUEHOIO PAIOI0
YHIBEPCUTETY BiJI 18.12.2023 p-, MPOTOKOJT No 11,
https://www.uzhnu.edu.ua/uk/infocentre/get/69166.

6. MIPOI'PAMA HABYAJILHOI JUCHHUIIJITHA
6.1. 3MicT HABYAJNBLHOI JUCHHUILIIHNA

3MicToBUN MOIYJIb 1. MTUCHUIUIIHU «IHTENEKTyalIbHUM aHai3 CTPYKTYP AAHUX»:

Tema 1. TeopeTUKO-METO0JIOTTYHI 3acaid 1HTEJIEKTYaIbHOTO aHalli3y JaHuX. AHa-
JITUYHE MUCJIEHHS Ta MPUUHSATTS pIllIeHb HA OCHOBI JaHux. Dopmanizalis 3aaay, Kia-


https://www.uzhnu.edu.ua/uk/infocentre/get/12223
https://www.uzhnu.edu.ua/uk/infocentre/get/21266
https://www.uzhnu.edu.ua/uk/infocentre/get/69166
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cudikallisg TUIMIB AaHUX (CTPYKTYpPOBaHi, HaMIBCTPYKTYpPOBaHi, HECTpyKTypoBaHi). I1po-
nec KDD (Knowledge Discovery in Databases).

Tema 2. CtpykTypu naHux Juisl Bequkux oOcsariB iHdopmariii (Big Data). Mopeni
30epiraHHs Ta OpraHi3ailii JaHUX y PO3MOAUIeHUX cucTteMax. PoGoTa 3 Tabmuismu, Oa-
3aMH JTaHUX Ta CXOBUIAMHU JaHUX. OIS Cy9acHUX apXiTeKTyp JUisl OOPOOKH BEIIMKHUX
TaHUX.

Tewma 3. Bizyamizariis Ta rmubokuii anamiz nanux (EDA). CygacHi MeToau Bizyaii-
3arii 0araTOBUMIpHHX JaHWX. [HTepakTUBHI mamoopau Ta Oi3Hec-aHaliThHKa. BusBiaeHHS
aHOMaJTiii, MPOIMYIIEHUX 3HAYEHb Ta BUKU/IIB.

Tewma 4. 3amaul mporHo3yBaHHs Ta perpeciiiHoro anamizy. Meroau CTpyKTypHOI Ta
napaMeTpuyHoi 1IeHTU(IKaIlll HeBIJOMUX 3ayIekHOCTeH. JIiHIMHI Ta HelHINHI perpeciii-
Hi Mojieni. OLiHIOBaHHS SKOCTI IIPOTHO3YBaHHS.

Tema 5. Meroau knacudikaiii gaHux. AjnroputmMu HaiBHoro baeca, meron k-
HalOMMKYMX CYCIJIB, J€peBa pillleHb, BHUMAJAKOBUN Jic. ['pamieHTHHIA OyCTHUHT
(XGBoost, LightGBM, CatBoost). Ouinka epeKTUBHOCTI KIacH(PiKaTOPiB.

Tema 6. Anroputmu Kiactepusallii Ta cermeHTarli. MeTpuku moi0HOCTI Ta BiJC-
taHi. K-means, iepapxiuna kinacrepu3zaiisi, DBSCAN, Gaussian Mixture Models. Binno-
BJIEHHS JaHUX Ta 3MeHIIeHHs po3mipHocTi (PCA, t-SNE, UMAP).

3MICTOBUYM MOJYJb 2. AUCHUILTIHU «[HTENeKTyaIbHUM aHaJlI3 CTPYKTYP JAHUX):

Tewma 7. Tlomyk naTepHiB Ta acoLlaTUBHUX MpaBuil. AHaI3 TPAH3AKIINHUX JAHUX,
anroput™ Apriori Ta Horo ontumizauii. BUsBIeHHS NMpUXOBaHUX 3aKOHOMIPHOCTEW Ta
KOPEJAIiN y BETUKAX MaCUBaxX JaHUX

Tema 8. Mamunne HaBuaHHs Ta rauObuHHe HaBuaHHs (Deep Learning). ApxiTekry-
pU HEUPOHHUX MEpekK: MOBHO3B'A3H1, 3ropTKoBi (CNN), pexypentri (RNN, LSTM). Ag-
TOKOYBaJIbHUKH, TeHEepaTuBHO-3MaraibHi Mepexi (GAN). Tpanchopmepu Ta yBara.

Tema 9. InrenexryanbHa oOpoOka mpupoanoi moBu (NLP). Meroau Tokenizaiii,
BekTopu3aiii (Word2Vec, GloVe, FastText). CyuacHi moBui moneni (BERT, GPT). Te-
MatuuHe MozentoBaHHs (LDA), aHali3 TOHaIbHOCTI, pO3Mi3HABAHHS IMEHOBAHUX CYTHO-
CTEH.

Tewma 10. I'iOpuani cucteMu 004K CIIIOBAIBLHOTO 1HTENEKTY. Helipo-HediTki cuctemu,
EBOJTIOIIMHI aJITOPUTMHU (T€HETUYH1 aNTopuTMU, audepeHIiiaabia eBodtolis). ['iopuman-
3ar1ist METO/IIB JIJIsl TIJIBUIIIEHHS SIKOCT1 aHaJIi3Yy.

Tewma 11. [ToToxoBa 00poOka ganux (Data Stream Mining). Anroput™u Jjist poOOTH
3 TaHUMHU, 110 HAJAXOJATh Yy peaibHOMYy 4aci. EBOJIIOIIMHI CUCTEMHU, alaliTUBHI MOJIEIII.
OuiHroBaHHS KOHIIENTYyalbHOTO Apeiidy (concept drift).

Tema 12. Metoau noscuroBansHoro I (Explainable Al). Intepnperaiist moaeneit
«uopHoi ckpunbku» (LIME, SHAP). [TobynoBa qOBIpeHHX Ta MPO30PUX CUCTEM MPHUIi-
HATTS piieHb. ETuka Ta BiAnosiganbHICTh y 3acTtocyBanH1 1.
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6.2. CTpykTypa HaB4YaJIbHOI M CHUIJIIHH

Ha3zBu Ttem

lenna ¢popma

yCbOro

y TOMY YHCJTi

J

npak

c.p.

1

2

3

4

5

Tema 1. TeopeTuko-MeTOMOJOTIUHI 3acaau 1HTEIEK-
TyaJIbHOTO aHai3y JaHWuX. AHATITHIHE MUCICHHS Ta
NPUIHATTS PillIeHb HA OCHOBI IaHUX.

Tema 2. CTpyKTypu HAaHUX ISl BEJIMKHX OOCSTIB
iHopMmaiii (Big Data). Mopaeni 30epiranHst Ta opra-
Hi3aIlil JaHUX Y PO3IMOAUICHUX CUCTEMAX.

Tema 3. Bizyams3amis Ta riIuOOKWM aHali3 JaHUX
(EDA). CyvacHi MeTonm Bi3yamizaiii OaraToBHUMIp-
HUX JaHUX.

Tema 4. 3anmaui NporHO3yBaHHS Ta PErpeciiHOro
aHanizy. Meronu CTpPYKTYpHOI Ta MapaMeTpUYHOI
i1eHTH (KAl HeBIIOMHUX 3aJICKHOCTEH.

Tema 5. Meroau knacudikamii jaHux. AIropuT™Mu
HaiBHOTO baeca, meTon k-HalOImK4IMX CycCiJiiB, Je-
peBa pillieHb, BUMAIKOBHIA JIiC.

11

Tema 6. AIropuTMH KJIacTepu3allii Ta CErMEHTAllli.
MeTpuku noai0HOCTI Ta BijcTaHl. K-means, iepapxi-
yHa kiacrepusailis, DBSCAN, Gaussian Mixture
Models.

Tema 7. [lomyk maTepHiB Ta acollaTUBHUX MPaBHUIL.
AHami3 TpaH3aKLIMHUX JaHUX, aIrOpuT™M Apriori Ta
HOro onTuMi3allii.

Tema 8. MallliHHEe HaBYaHHS Ta MIIMOMHHE HABYAHHS
(Deep Learning). ApXiTeKTypu HEHPOHHUX MEPEK:
noBHO3B's13H1, 3r0pTKOBI (CNN), pexypentHi (RNN,
LSTM).

14

10

Tema 9. InTenekryanbHa oOpoOKa MPUPOAHOI MOBH
(NLP). Metoau TOKEHI13aIlli, BEKTOpH3alii
(Word2Vec, GloVe, FastText).

Tema 10. I'iGpuani cucTeMu 00YMCITIOBAILHOTO 1HTE-
nexTy. Helipo-HeuiTki cucTeMu, eBOJIONIIHI aITropH-
TMH (T€HETHYHI aIrOpUTMH, NU(EpEeHIlialibHa €BO-

14

10
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Ha3Bu tem Jdenna ¢popma
yehoro Y TOMY YHCITi
JI npak C.p.
1 2 3 4 5

JTIOITIS ).

Tema 11. IlotokoBa oOpoOka nanux (Data Stream
Mining). AlropuTMu Jyisi poOOTH 3 JJaHMMH, 110 Ha- 9 2 2 5
IXOMSTh Y peaTbHOMY Yaci.

Tema 12. Meroau nosicatoBanbpHOTO 111 (Explainable

Al). Inrepmperariiss Mojeneld «4OpPHOI CKPUHBKK» 9 2 2 5
(LIME, SHAP).
Bceworo 120 24 24 | 72
Ha3Bu tem JHenna dhopma 3aouna dpopma
y TOMY YHC- y TOMY YHCITi
YCBOTO il yChOTO

I | P c.p. o | P cp.
1 2 |34 5 6 71 8 9

Tema 1. TeopeTuko-MeTOIOIOTIUHI 3aca-
OU  IHTEJEKTYaJbHOIO aHalli3y JIaHHX.
AHaJTITUYHE MUCIEHHS Ta NPUAHATTS
pillIeHb HA OCHOBI JaHUX.

Tema 2. CTpyKTypH NaHMX JJI BEJIMKHUX
o0csriB iHpopMmanii (Big Data). Moneni
30epiraHHs Ta OpraHizailli JaHux y po3-
MOJIJICHUX CUCTEMAX.

Tema 3. Bizyanizaiiis Ta TIMOOKUi aHami3
nanux (EDA). CyuacHi metonu Bi3yani-| 9 21 2 5
3arlii 0araTOBUMIPHHX JIaHUX.

Tema 4. 3agadi MPOTHO3YBaHHS Ta perpe-
ciiiHOro aHamizy. MeToau CTpyKTypHOI Ta
napaMeTpuyHOi 1IeHTUdIKaIll HEBIIOMUX
3AJIEKHOCTEH.

Tema 5. Meroau knacudikarii gaHux.
AnroputMmu HaiBHOTO baeca, meton k- " 5 | 5 .
HAWOIMKYUX CYCIJIIB, IEpEeBa PIllICHb,

BUITAIKOBUH JIIC.
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Hassu tem Jlenna ¢popma 3aouna gopma
y TOMY YHC- y TOMY YHCITi
YCBOTO il yCBhOTO
o | P ep. I | "] clp.
1 2 |34 5 6 71 8 9

Tema 6. AjnropuTMu KiacTepu3aiii Ta
cerMeHTarii. MeTpuku noaiOHOCTI Ta

BijcTadl. K-means, iepapxiuHa kimactepu-| 9 21 2 5
samisi, DBSCAN, Gaussian Mixture
Models.

Tema 7. Ilomyk maTepHiB Ta acoIliaTUB-
HUX TpaBWI. AHaTI3 TpaH3aKIIMHUX Ja-
HUX, AITOPUTM APpriori Ta MOro ONnTHUMi3a-
mii.

Tema 8. MammmHaHe HaBYAHHA Ta TJIMOUHHE

nasuanns (Deep Learning). Apxitextypu 14 121 21 10

HEHPOHHUX MEpEX: MOBHO3B'SI3HI, 3rOpT-
koB1 (CNN), pekypentHi (RNN, LSTM).

Tema 9. InTenexkryanpHa 00poOKa IPUPO-
nHoi moBu (NLP). Metonu TokeHizari,
BEKTOpU3aLli (Word2Vec, GloVe,
FastText).

Tema 10. I'iOpuaHi cucremMu 0OYUCITIOBA-
THHOTO 1HTENeKTYy. Helpo-HeuiTki cucrte- 1ol 2| 10
MU, EBOJIOLINHI aIropuT™MH (T€HETUYHI

aNropuT™MH, TUdepeHIliaTbHa eBOTIOIIS).

Tema 11. ITorokoBa 06poOka nanux (Data
Stream Mining). Aaroputmu uist poOoTH
3 JaHUMH, IO HAIXOIATh Yy PEATbHOMY
yacl.

Tema 12. Metonu mnoscHioBanbHOro I
(Explainable Al). Iatepriperarist mogeneit | 9 212 |5
«uaopHoi ckpubkn» (LIME, SHAP).

Bceboro 120 |24 | 24 | 72 120 8 6 106

6.3. Temn NpakTHYHUX 3aHATH
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Ne
Ha3Ba Temn
3/m Jenna | 3aouna
1 [Mpaktuyna po6ora Nel. JlocoigHUIEKHUI aHAJI3 Ta Bi3yauri3arlis

OaratoBuMipHux ganux. OmnanyBaHHS iHCTpyMeHTiB EDA
(Pandas, Plotly, Seaborn). [To6ynoBa iHTepakTUBHUX NanIOOp/IiB,
BUSIBJICHHSI aHOMaJIiii, KOpeNslii Ta MPUXOBAaHUX 3aKOHOMipHOC-
Teil y peaibHUX HaOopax JaHUX.

[Tpaktuna pobota Ne2. [1oOynoBa Ta OIIHIOBAHHS pErpeciiiHuX
Moxeneld. Peamizamist MiHIHHOI Ta TOJIHOMIAIBHOI perpecii, rpe-
oeneBoi perpecii (Ridge), LASSO. OmiHroBaHHS SIKOCTI 3a JOTO-
mMororo MeTpuk MAE, RMSE, R2. Bin0ip 3HauyIux o3HaK.

[Mpaktuuna po6ota Ne3. Peamizamis kiacugpikatopiB Ha OCHOBI
nepeB pilieHb Ta ancamoOumiB. [loOyaoBa nepeB pillieHb, BUMAIKO-
BOro Jicy, rpaaientHoro oycrtunry (XGBoost, LightGBM). Ha-
mamTyBaHHs TineprnapamerpiB. [IopiBHSIHHS sKOCTI Mojened Ha
peaIbHUX 3a/a4yax (HampuKiIal, KpeAUTHUN CKOPUHT abo JiarHoc-
THKA).

[IpakTuna podoTa Ned. 3acTOCyBaHHS aJITOPUTMIB KJIacTepH3alli
s cerMmeHTantii nmanux. Peamizaris K-means, iepapxiuHoi Kiac-
repu3aiiii, DBSCAN. Bubip ontumanbHOi KITBKOCTI KJIacTEpiB.
[HTepripeTallis OTpUMAaHUX CETMEHTIB Ta Bi3yalli3allisi METOJ0M
PCA/t-SNE.

[TpakTiuna po6ota Ne5. BusiBjieHHs acoilaTUBHUX MPaBUJl y Tpa-
H3aKIiiTHUX naHux. Peanizaris anroputmy Apriori Ta FP-Growth.
AHaji3 PUHKOBOTO KOIIKKA, MOOYI0Ba acOIIaTUBHUX TMPABUII,
OIlIHKA iX JIOCTOBIPHOCTI Ta MIATPUMKHU.

[lpaktnuna pob6ora Ne6. IHTenexkTyanbHa 0OpOOKa TEKCTOBHUX
nanux  (NLP). ToxeHnizamis, jemaTu3alis, BEKTOpHU3aLis
(Word2Vec, TF-IDF). IloOynoBa moaeni kimacudikaiii TEKCTiB
(HampuKJIaJ, BU3HAYEHHS TOHAJIBHOCTI BIATYKIB a00 TeMaTH4YHE
MozentoBanHs LDA).

[Tpaktuna pob6orta Ne7. Po3pobka HelipomepekeBoi Mojesi Ha
ocHOBI1 Tpancdopmepis. [loOynoBa Ta HaBYaHHS MOJEINI 3 MEXaHi-
3sMoM yBaru (Transformer) mns 3amaqi kinacudikaiii adbo renepartii
TekcTy. Bukopucrtanns nomnepeanbo HaBueHux mopeneid (BERT,
GPT) nns Tonkoro HanamtyBaHHs (fine-tuning).

[Tpaktruna podota Ne8. [ToOynoBa riOpuaHOI CUCTEMU OOUUCITIO-
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BaJIbHOTO  1HTEJNEeKTy. Peamizaiis HEWpO-HEUITKOI CHCTEMU
(ANFIS) abo riOpuay TeHETUYHOTO AalrOPUTMYy 3 HEUPOHHOIO
MEPEeKEI0 JIUIS ONTUMI3AIlil TapaMeTpiB CKIaaHOT QYHKIIII.

[Tpaktruna po6ota Ne9. [ToTokOBHII aHaI3 JaHUX Yy peaTbHOMY
gaci. Po3poOka koHBeepa 00poOku moTokoBuX maHux (Apache
Kafka & Python). Peamizariis amantuBHOi Mozenm kiacudikaiii 3
BUSIBJICHHSIM KOHIIENITyaJIbHOTO Aapeidy (concept drift).

10

[Tpaktuuna po6ora NelO. InTepnperariist Mojeneil YOpHOI CKpH-
HbkM 3 BukopuctanHsM SHAP/LIME. 3acrocyBaHHST MeETO/iB
nosicHioBasibHOrO Il A5 anamizy pilieHb CKJIAJHUX MOjeNen
(OycTunT, Helipomepeki). Bizyamizallis BaKJIMBOCTI O3HAK Ta TO-
OyJ10Ba TOKAJIbHUX MOSICHEHb.

11

[TpakTiuna po6ota Nell. IloOyaoBa rpada 3HaHb Ta CEMaHTHY-
Huii momnryk. CTBOpEHHs OHTOJIOTIi, HAaOBHEHHs Tpada 3HaHb
(Neo4j a6o RDF). Ilo6ynosa SPARQL-3anutiB aJis 1HTEJIEKTya-
ITBHOTO TIOITYKY Ta JIOT1YHOTO BUBOIY.

10

[Tpaktnuna pobOota Nel2. Po3poOka Ta 3aXUCT AOCTIIHUIBKOTO
nporotuny II-cucremu. Kommiekcna podoTa: BUOIp mpeaMeETHOI
00J1acTi, MAroTOBKA JaHUX, MOOY/I0Ba, HABUYAHHS Ta OI[IHKA MO-
nem. OdopmiieHHsT pe3yibTaTiB y BUIIISIAL 3BITY ab0 HayKOBO1
nmyomikarii. [Ipe3enrairist Ta 3aXUCT TPOTOTHUITY TEPENl ayTUTOPI-
€10.

3arajibHa KIJIBKICTH

24

6.4. Camocriiina podora

Ha3zBa remn

Jlenna

Tema 1. ®opmamizariis 3aaa4, kiacudikaiis TUMIB AaHUX (CTPYKTypOBa-
Hi, HamiBCTPYKTypoBaHi, HecTpykTypoBaHi). [Iponec KDD (Knowledge
Discovery in Databases).

Tema 2. PobOota 3 TaOmumsamu, 0a3zaMu JAaHUX Ta CXOBHUILAMH JAaHHUX.
Oruis CydacHUX apXITeKTyp JJIE 0OpOOKY BETUKHX JaHUX.

Tema 3. [HTepakTuBHI Aambopau Ta Ol3HEC-aHaANITHKA. BUsSBIEHHS aHO-
MaJiiid, MPOMYIIEHUX 3HAYEHb Ta BUKU/IIB.

Tewma 4. JliHiiiH1 Ta HENiHINAHI perpeciiiii Mozeni. OLiHIOBaHHS SKOCTI
[POTHO3YBaHHS.

Tema 5. I'pagientnuit 6yctunr (XGBoost, LightGBM, CatBoost). Ominka
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e(heKTUBHOCTI KJ1acu-(iKaTopiB.

6 [Tema 6. BigHoBneHnHsa manux ta 3MeHiieHHs po3mipHocti (PCA, t-SNE, s
UMAP).

7 [Tema 7. BusiBneHHS MPUXOBAaHUX 3aKOHOMIPHOCTEH Ta KOPEJAIiil y Belu- s
KX MacHBaXx JaHUX.

8 [Tema 8. ABTOKOAYBaJbHHKHM, T'€HEpaTUBHO-3MaraibHi Mepexi (GAN). 0
Tpancdopmepu Ta yBara.

9 [Tema 9. Cyuacni moBHi Mozeni (BERT, GPT). Temaruune MmoaentoBaHHs s
(LDA), anami3z TOHaJIb-HOCTI, pO3IT1i3HaBaHHs IMEHOBAaHUX CYTHOCTEH.

10 Tema 10. I'itOpuau3aitiss METO/IIB JUIS MIBUIIICHHS SKOCTI aHAII3Y. 10

11 [Tema 11. EBomroniiiHi cucTeMH, aganTuBHI Mojeii. OIiHIOBaHHS KOHIIE- 5
nTyaibHOro apeiidy (concept drift).

12 [Tema 12. [ToOyoBa AOBIpEHUX Ta MPO30OPUX CUCTEM MPUNUHATTA PIIICHb. s
ETuka Ta BinnoBigaibHICTh y 3acTocyBanHi I11I.

3arajibHa KUIbKICTh 72
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